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What	
  does	
  the	
  fit	
  to	
  the	
  dataset	
  tells	
  us	
  about	
  the	
  
quality	
  of	
  the	
  FM?	
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An	
  FM	
  is	
  extracted	
  in	
  order	
  to	
  support	
  Use	
  Cases	
  
	
  

è  	
  	
  Its	
  quality	
  should	
  be	
  evaluated	
  wrt.	
  these	
  use	
  cases	
  

	
  
Evalua*on	
  criteria	
  should	
  be	
  

•  Task-­‐specific	
  
•  Domain-­‐specific	
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In	
  machine	
  learning,	
  using	
  only	
  data	
  to	
  build	
  a	
  new	
  
theory	
  has	
  been	
  considered	
  a	
  bad	
  prac6ce	
  refered	
  to	
  
as	
  “data-­‐fishing”	
  
	
  
Extrac*ng	
  FMs	
  is	
  a	
  high-­‐dimensial	
  problem	
  
	
  

è Exis*ng	
  knowledge	
  can	
  be	
  used	
  to	
  reduce	
  
dimensionality	
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•  Documenta*on	
  
•  Experts	
  
•  Web	
  resources	
  
	
  
	
  
	
  

15	
  



www.unamur.be 

Automation 

	
  
Fully	
  manual	
  FM	
  synthesis	
  is	
  tedious	
  and	
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