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• Highlights from different data collection projects

• Challenges & Solutions

• What and Why We do in a Different Way
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• Customized NMT engines



Some of our recent
Data Collection Projects
• Estonian Open Parallel Corpus

• Tilde Model Corpus, the ODINE Open Data Incubator

• Presidency of the Council of the European Union

• European Language Resource Coordination (ELRC)

• Latvian e-government MT Platform

• Business Clients



Estonian Open Parallel Corpus 
& Tilde Model (ODINE)

• There is public funding for open [language] data
• National Programme for Estonian Language Technology

• ODINE Open Data Incubator for Europe

• etc.

• Let’s collect data we need and share it with others

• Estonia: ET, EN, RU, FI, any but preferably wide domain

• ODINE: all EU languages, finances, medicine, tourism 



Estonian Open Parallel Corpus 
& Tilde Model (ODINE)

• Challenges
• A lot of small websites

• There is almost no ET-RU parallel content

• Comparable, localized, adapted, transcreated content

• “deep web”, regular crawlers do not crawl it

• DOC, PDF, WordPerfect



General workflows
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General workflows

General parallel corpus processing workflow
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Data Processing Workflows

• We aim at high quality

• Manual website inspection
• Content quality: professional vs amateur, translated vs 

comparable or transcreated or even MT

• Structure: URL-s, alignments, achieves, site maps, 
search options

• Size estimation



Data Processing Workflows

• Document alignment
• It’s always better to get it from 

the site structure, document IDs or links
• If not, use any hints – pictures, authors, dates
• Alignment tools

• Sentence alignment
• We use Microsoft Sentence Alignment of Bilingual 

Corpora (Moore, 2002)
• It’s robust, it tolerates comparable documents, 

but we had to rewrite it 

• Filtering, automatic corrections



Data Processing Workflows

• Evaluation
• Automatic: spelling errors, length ratio, Zipf plots

• Manual



Tilde MODEL Corpus

• European Economic and Social 
Committee documents

• RAPID - Press Release Database of EC

• European Central Bank

• European Medicines Agency

• World Bank

• AirBaltic, LiveRiga and other tourism sites

• It’s public, CC-BY 4.0



European Language 
Resource Coordination (ELRC)



CEF eTranslation &
European Language Resource Coordination 

http://www.lr-coordination.eu/

http://www.lr-coordination.eu/


ELRC: Challenges

• Language Resource Coordination 

• Getting data for EC eTranslation
• All EU languages

• Cleared IPR 



ELRC: Solutions

• Network of National Anchor Points (NAP)

• Awareness workshops

• Data donations
• Lithuanian Parliament, Estonian President, Statoil etc.

• Data collection
• Websites (ELRC consortium and NAPs)

• Governments, municipalities, agencies, museums
• What works in one state, should work in others

• Crawling & Processing (ELRC)

• Onsite assistance



ELRC: IPR

• Public Sector Information

• Licensing Contracts

• No grey or dark content
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MT for Presidencies of the 
Council of the European Union

• Latvia

• Estonia

• Bulgaria

• Austria



Challenges & Solutions

• Political News Domain

• Training data

• Local Partners
• Help with data

• Visibility



HUGO.lv: NMT for Latvian
Public Administration



HUGO.lv: NMT for Latvian
Public Administration
CAT for data collection; MT + TM





Challenges & Solutions

• Data Collection 

• Work with public sector institutions
• State language center

• Court administration

• Content licensing
• Rīgas laiks, Kodex+



Business Clients

• Ideal case: TMX, XLIFF-s, Trados TM-s

• Reality: 
• few translated Word or even PDF documents

• Excel with dozen for terms

• Sometimes a lot of monolingual data



Tools

• Crawling
• Bitextor

• ILSP focused crawler

• Teleport Ultra

• Custom created PERL and Python scripts

• Conversion PDF-(HTML)-Plaintext
• Adobe Acrobat Pro

• Microsoft Word



Customized NMT Engines

• We start with a general 
domain NMT engine

• Training with in-domain 
data
• Parallel

• Back-translated 
(in several iterations)




